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Abstract

Worldwide, 1.7 billion population—especially those who reside in
remote and rural areas—need access to formal banking services
(WBR, 2023). The notable disparity in the accessibility of financial
services underscores the urgent need to understand the obstacles
that prevent rural clients from utilizing mobile banking technologies.
Comprehending the unique challenges faced by rural consumers is
crucial, particularly in light of the growing importance of digital
financial services in enhancing financial inclusion in light of
technological and innovative advancements. The purpose of this
research is to look into the barriers that prevent mobile banking
services from being accepted and used. The study has significant
ramifications for industry and academics as a whole.

Keywords: Barriers, User Adoption, Mobile Banking, Rural Gujarat,
Technology and Innovation

1. Introduction

The landscape of the banking and finance industry has witnessed dynamic evolution in recent years,
marked by technological advancements and an increased emphasis on financial inclusivity. However, despite
substantial progress, a significant gap persists in the accessibility of financial services among various global
populations, notably within rural areas (Smith et al., 2023; Patel & Desai, 2022).

Recent research spanning the years 2019 to 2023 (Chatterjee et al., 2021; Gupta & Sharma, 2020)
underscores a prevalent challenge: a substantial segment of individuals, particularly in rural regions like
Gujarat, India, faces impediments in adopting mobile banking services. The emergence of mobile financial
services (MFS) as an alternative to traditional banking methods holds promise for bridging this gap (Iyer &
Singh, 2023). However, the widespread adoption of mobile banking within rural communities remains loaded
by complex barriers.

Gujarat, renowned for its cultural vibrancy and economic diversity, embodies these challenges. Its rural
landscape presents unique hurdles that hinder the seamless integration of mobile banking into the daily lives of
its residents (Thakur & Mehta, 2022). These barriers involves diverse dimensions, ranging from awareness
and infrastructure limitations to issues of trust and resistance to change among users (Rana & Patel, 2019).

Understanding these complexities is crucial. Through a comprehensive research design integrating
quantitative and statistical methodologies, this study aims to investigate the barriers delaying rural residents in
Gujarat from adopting mobile banking. By analyzing recent data collected directly from rural users engaged
with mobile banking services, this research seeks not only to identify these barriers but also to quantify their
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impact. Moreover, it aims to explore potential strategies to mitigate these challenges. (Sharma, R., & Patel, S.
(2023))

The outcomes of this study hold immense potential to prompt transformative changes in the area of rural
financial services. By explaining the nuanced barriers faced by users in Gujarat, the research aims to inform
policymakers, financial institutions and stakeholders. This insight can facilitate the development of targeted
involvements aimed at dismantling these barriers. Ultimately, this could clear the way for a more inclusive
financial ecosystem. Rural residents would then be empowered to leverage the advantages of mobile banking,
thereby enhancing their economic well-being and overall quality of life. (Mehta, A., & Shah, B. (2022))

2. Literature Review and Hypothesis Formulation

Tripathi (2020) investigated consumer attitudes towards mobile payment app usage, focusing on adoption
factors and barriers. The study, conducted in Gujarat, found demographics insignificant in decision-making.
Older individuals showed less interest, while students exhibited higher attraction. Factors like time-saving,
rewards, convenience, security, and cashless economy potential influenced user perceptions. Transaction
charges, lack of knowledge, limited acceptance, transparency concerns, habits, and trust issues were identified
as usage obstacles.

Brijesh Sivananthan's (2019) study during Indian demonetization explored digital payment adoption
influenced by behavioural intention (BI) and innovation resistance (IR). Adoption was influenced by the
relationship between BI, attitude (AU), and monetary payment preference. A survey of 766 people validated
the framework using partial least squares (PLS) structural equation modelling (SEM).

Pachare and Desai (2023) highlighted that the beginning of demonetization significantly impacted digital
wallet competition, thereby promoting adoption among users in the digital payment’s ecosystem. Moreover,
Pai's (2022) investigation into customer perceptions of digital wallets emphasized increased awareness,
willingness and smartphone usage for transactions due to the growing internet penetration and smartphone
accessibility.

Examining mobile commerce in India, recent findings by Thakur et al. (2020) highlighted the significance
of perceived usefulness, ease of use and social influence in influencing adoption. However, contrary to earlier
studies, facilitating conditions emerged as a critical factor in facilitating adoption. Additionally, concerns
regarding security and privacy emerged as notable limitations to adoption, aligning with the research model
combining technology acceptance and innovation resistance theories, tested using structural equation
modeling (SEM).

Technology Acceptance Model (TAM)

The Technology Acceptance Model (TAM) is about how people view technology and how that affects
whether they decide to use it or not. TAM focuses on two big things: how useful they think it is and how easy or
tough it seems to use. It was originally proposed by Fred Davis in 1986 and has since undergone various
modifications and extensions. TAM is based on the premise that perceived usefulness and perceived ease of use
are key determinants of an individual's intention to use a particular technology (Venkatesh, V., & Davis, F. D.
(2000).
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Perceived Usefulness assesses whether individuals believe that adopting new technology will make their
task easier or not, In simple terms if individuals perceive a technology useful, they will be more inclined to
acceptand use it (Legris, P. etal. (2003). On the other side, Perceived Ease of Use weighs the perceived level of
effort required to adopt these technological changes. It's essential to explore whether stakeholders find the
inclusion of technology seamless or whether they face challenges in implementing these tools due to
complexities or lack of resources (Davis, F. D. (1989).

Innovation Resistance Theories

Innovation Resistance Theories explores the various barriers that hold back individuals from adopting new
innovations. They include a range of factors that contribute to resistance, such as habit, uncertainty, perceived
risk and social influence. In the context of mobile banking, understanding these resistance factors can explain
the challenges delaying the effective adoption of innovative practices. (Taylor, S., & Todd, P. A. (1995). One
aspect of innovation resistance is the inherent habit or inertia in individuals or institutions to stick to prove
practices (Rogers, E. M. (2003). Additionally, When individuals perceive a high level of uncertainty or risk
associated with adopting new technologies or methodologies, they tend to resist change (Tornatzky, L. G., &
Klein, K. J. (1982).

Hypothesis:

HO,: There is no significant relationship between various barriers and mobile banking adoption in rural
Gujarat.

Wang etal. (2021) and Chen and Liu (2020) explored into Chinese consumers' attitudes towards online and
mobile banking. Their research indicated a shift in motivators for internet banking usage among Chinese
consumers, with convenience and accessibility emerging as primary drivers rather than security concerns.

Challenges to online banking adoption highlighted by Liu and Zhang (2019) and Xu et al. (2022) in China
focused around perceptions of risk, inadequate technological proficiency and fixed habits favoring traditional
cash-based banking practices. Moreover, these studies emphasized the importance of addressing awareness
and educating consumers about the benefits of online banking services to overcome adoption barriers
effectively.

Conversely, obstacles to mobile banking adoption, as observed by Yang and Chen (2023), largely restricted
from lack of awareness and insufficient understanding of the advantages offered by mobile banking services
among Chinese consumers.

HO,: There is no significant relationship between Lack of Awareness, Education and mobile banking
adoption.

Al-Saleh (2021) revealed a significant relationship between the reliability of Internet connectivity and the
propensity of individuals to utilize online banking services. This echoes Wiredu's (2019) conceptualization of
mobile computing, emphasizing diverse factors influencing mobile service acceptance, requiring a broader
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evaluation involving contextual and device-related aspects.

HO,: There is no significant relationship between Inadequate Infrastructure and Connectivity and mobile
banking adoption.

Addressing trust's impact on mobile banking, Yousafzai et al. (2021) presented extensive studies outlining
trust as a pivotal factor shaping user behavior. Similarly, Kaur and Chatterjee (2020) emphasized the
importance of compatibility, perceived value, and risk in influencing the uptake of mobile banking services.

Singh and Patel (2021) emphasized the pivotal role of compatibility, perceived value, and risk in
influencing the adoption of mobile banking services. These factors emerged as crucial determinants shaping
users' decisions to engage with mobile banking platforms in rural Gujarat. Building upon the significance of
compatibility, a study by Kumar et al. (2022) highlighted its superiority in shaping perceptions of ease of use,
usefulness and credibility in the context of mobile banking. Furthermore, Kumar's research highlighted the
criticality of establishing confidence and credibility to mitigate the perceived risks associated with mobile
banking, particularly in rural areas.

Analyzing mobile banking usage among college students, Patel and Shah (2020) focused on the factors
influencing student adoption of mobile banking services. Their study, aligning with the Technology
Acceptance Model (TAM), revealed that perceived value, trust, social impact, and ease of use collectively
accounted for a substantial portion of variance in the adoption of mobile banking services among students.
Moreover, the findings suggested that trust and perceived value significantly influenced students' willingness
to engage with mobile banking services. Notably, the research highlighted that perceived trust played a
particularly impactful role in sustaining students' continued usage of mobile banking services.

HO,: There is no significant relationship between Trust and Security Concerns and mobile banking
adoption.

HO,: There is no significant relationship between Resistance to Change and mobile banking adoption.

Jain and Mehta (2021) and Sharma et al. (2022) extensively explored the phenomenon of resistance among
users in transitioning from conventional banking methods to mobile banking services. Their findings
highlighted a prevalent unwillingness among individuals, especially in rural Gujarat, to fully adopt mobile
banking unless they recognize it as absolutely essential.

Mehta and Patel (2020) conducted a study aiming to investigate the existence of a comparable association
between resistance to change and the utilization of mobile banking services. Their research investigated into
understanding the correlation between users' unwillingness to adopt mobile banking and their actual usage
patterns in rural areas of Gujarat.

3.0 Research objective
1.To identify barriers affecting user adoption towards mobile banking in Rural Gujarat

2.To determine the impact of these barriers on user adoption towards mobile banking

3.1 Research Methodology

The primary goal of this study was to look into the influence of barriers on mobile banking uptake in
Gujarat's rural districts. To collect data, the investigator used a cross-sectional strategy. The study comprised a
sample size of 400 participants. The data collection for this study was confined to rural areas of Gujarat. The
researchers utilized a purposive sampling methodology. The questionnaire incorporated a Likert scale
consisting of five points to evaluate the perspectives of participants regarding the barriers that impact the
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adoption of mobile banking. The coding method utilized by the researcher comprised of five categories:
strongly agree (SA), agree (A), uncertain (U), disagree (D), and strongly disagree (SD). This system was
implemented to record the choices made by respondents when presented with statements that required them to
select one of these options. The investigator administered a total of 400 surveys. Out of the total of 391
responses that were received, a certain number were determined to be not useful. The data preparation process,
which including coding, capturing, and editing of the data, was conducted. The data was acquired and later
imported into SPSS 26 for the purpose of analysis and hypothesis testing by using regression and ANOVA.

4 Statistical Analysis and Results

Demographic profile
Measures Items Frequency Percentage
Female 109 28
Gender

Male 282 72

Less than 18 years 16 4

18-25 years 152 39

Age 26-35 years 98 25
36-45 years 90 23.0

46-65 years 35 9

12th Grade or Less 19 5

Bachelor’s Degree 133 34

Education

Doctorate 47 12

Master’s Degree 192 49
20000- 50000 92 34.1

I
neome 51000-75000 122 452
(per month)

More than 75000 56 20.7

Source: Primary Survey

The data show the demographics and distributions of mobile banking customers in terms of gender, age,
education, and income. In terms of gender, there were 109 girls (28%) and 282 males (72%). Age distribution
showed that 4% were below 18 years, 39% were in the 18-25, 25% were in the 26-35, 23% were in the 36-45
age group. According to educational attainment, 5% had completed 12th grade or less, 34% had a Bachelor's
degree, 12% had a Doctorate, and 49% had a Master's degree. Concerning income, 34.1% fell within the
20000-50000 range, 45.2% were in the 51000-75000 range, and 20.7% reported an income above 75000 per
month. The data provides insights into the composition of the surveyed population across these demographic
categories.
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4.1 Factor analysis:

Factor analysis is a statistical technique employed to elucidate underlying patterns that are not directly
observable within the measured variables. This study utilized exploratory factor analysis (EFA) as a
methodology to uncover discrete constraints that impact the adoption of mobile banking by users. Prior to
starting the analysis, an evaluation was performed to determine the sufficiency of the sample size. This
assessment involved the utilization of the Kaiser-Meyer-Olkin (KMO) test, which yielded a KMO statistic of
0.893. This value exceeded the required threshold of 0.60, indicating that the sample size was deemed adequate
for the study. This finding suggests that the sample size utilized in the study was suitable for conducting factor
analysis. Furthermore, the Bartlett test of sphericity provided evidence for the suitability of the data,
demonstrating statistical significance at a significance level of 1%.

For the exploratory factor analysis (EFA), principal component analysis (PCA) with varimax rotation was
performed. Four variables were chosen with an overall variance explanation of 75.47 percent based on the
requirement of Eigen values greater than 1. This indicates a satisfactory level of representation. In order to
ascertain the dependability of the scale items under consideration, Cronbach's alpha coefficients were
computed to assess internal consistency. The alpha values for the study items are presented in Table 2. The
computed values varied from 0.782 to 0.879, beyond the recommended threshold of 0.70, as suggested by Hair
etal. (2010).

4.2 Factor loading items

Factors Item Loadings| Cronbach’s alpha
Lack of awareness about mobile banking 249
services is a significant obstacle for me. )
Lack of
Awareness Adequate education about mobile banking could 209 0.909
and address my hesitation in using it. : :
Educati
ueation I lack knowledge about how mobile banking 311
can improve my financial transactions. )
The availability of stable internet connectivity 775
is a challenge in my area ’
Inadequate Frequqqt disruptions ip electripity supply hinder 819
Infrastructure my ability to use mobile banking services. 0864
and Slow internet speeds in my locality affect my 246 )
Connectivity experience with mobile banking :
The lack of 4G/5G infrastructure affects my 729
confidence in using mobile banking services. )
Adequate security features and protocols would make 791
me feel more comfortable using mobile banking. )
Trust and e, .
. The possibility of unauthorized access to my
Security mobile banking account makes me hesitant to use it 138 0.800
Concerns
Adequate security features and protocols would make 779
me feel more comfortable using mobile banking. )
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I am inclined to resist any change in how I handle
. . .870
financial transactions.
Resist . . . .
GSI,[S Oance I am hesitant to switch to mobile banking due to 881 0914
Change my accustomed routines. ’ ’
The convenience of mobile banking doesn't 915
outweigh my preference for traditional methods )

Source: Primary survey

Table 2 presents factor loadings and Cronbach's alpha values for various factors associated to mobile
banking usage. The first factor, "Lack of Awareness and Education," had significant factor loadings
(.849,.809,.811) on comments on the importance of knowledge and education about mobile banking services.
This factor has a Cronbach's alpha 0 0.909, indicating strong internal consistency reliability.

The second factor, "Inadequate Infrastructure and Connectivity," is characterized by statements relating to
challenges in internet connectivity and infrastructure, with factor loadings of (.775, .819, .746, .729). The
Cronbach’s alpha for this factor is 0.864, suggesting good internal consistency.

The third factor, "Trust and Security Concerns," is represented by statements revolving around security
features and concerns, with factor loadings of (.791, .738, .779). The Cronbach’s alpha for this factor is 0.800,
indicating satisfactory internal consistency.

The final factor, "Resistance to Change," is defined by high factor loadings (.870, .881, .915) on statements
expressing reluctance to change from traditional financial methods to mobile banking. The Cronbach’s alpha
for this factor is 0.914, suggesting strong internal consistency.

Overall, the factor loadings and Cronbach's alpha values highlight the survey's measurement of key factors
influencing individuals' adoption of mobile banking services, such as lack of awareness and education,
insufficient infrastructure and connectivity, trust and security concerns, and resistance to change in financial
behaviours.

4.3 MULTIPLE REGRESSION:

The study used multiple regression as a statistical method to analyse the offered hypotheses. Before
conducting the final analysis, certain assumptions associated with multiple regression were examined.

4.4MULTICOLLINEARITYASSUMPTION

When the correlation between two or more otherwise independent variables is exceptionally high (r>0.8),
we have a case of multicollinearity. The analysis used VIF measurements, a tolerance value, and a correlation
analysis. The VIF values in Table 3 are all greater than the threshold value of 4, and the Tolerance values for all
predictor variables are greater than 0.2. These results show there is no evidence of multicollinearity in the data
athand.
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Table 3: Multi-collinearity Tests for Internationalization of SMEs

Independent Variables Tolerance VIF
Lack of Awareness and Education 566 1.768
Inadequate Infrastrure and Connectivity 562 1.779
Trust and Security Concerns 449 2.229
Resistance to Change 492 2.031

Source: Primary survey

The tolerance and VIF values offer valuable insights regarding the potential existence of multicollinearity
among the independent variables. Although there is a certain level of multicollinearity present in all variables,
none of the Variance Inflation Factor (VIF) values above a crucial threshold. This suggests that the effect on the
reliability of the model is generally deemed acceptable.

4.5 CORRELATIONANALYSIS

The correlation coefficients for all the variables related with mobile banking adoption is positive and
significant as the p value is less than 0.05.

Table 3: Correlation of all variables (N=391)

Correlations
Mobile Lack of | Inadequate Trust and | Resistance
banking Awareness | Infrastructur | Security to Change
adoption and e and | Concerns
Education Connectivity

Mobile banking adoption 1

Lack of Awareness and | .567" 1
Education
Inadequate Infrastructure | .568" 469 1

and Connectivity

Trust and Security | .643" 613" 607" |
Concerns
Resistance to Change 578 573 587 .638*" |

**_ Correlation is significant at the 0.01 level (2-tailed).

Source: Primary survey
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The correlation matrix reveals significant relationships among variables related to mobile banking
adoption and its contributing factors. Notably, mobile banking adoption demonstrates positive correlations
with Lack of Awareness and Education (r = 0.567), Inadequate Infrastructure and Connectivity (r = 0.568),
Trust and Security Concerns (r = 0.643), and Resistance to Change (r = 0.578). These findings suggest that as
these factors increase, the likelihood of embracing mobile banking also increases. Furthermore, the factors
themselves exhibit interconnections: Lack of Awareness and Education is moderately correlated with
Inadequate Infrastructure and Connectivity (r = 0.469), Trust and Security Concerns (r = 0.613), and
Resistance to Change (r = 0.573). Similarly, Inadequate Infrastructure and Connectivity shows moderate
correlations with Trust and Security Concerns (r=0.607) and Resistance to Change (r=0.587). Notably, Trust
and Security Concerns and Resistance to Change display a strong correlation (r = 0.638). Given the high
significance level (p < 0.05), these findings underline the complex nature of mobile banking adoption,
indicating that addressing intertwined factors comprehensively could facilitate successful adoption strategies
by organizations.

5.FINDINGS AND DISCUSSION
Table 4: ANOVA

The ANOVA table provides evidence that the regression model is significant in explaining the variability in
the dependent variable. The extremely low p-value suggests that the model's overall explanatory power is not
due to chance, but rather reflects meaningful relationships between the independent and dependent variables.

ANOVA
| Model Sum of df Mean F Sig.
Squares Square
1 Regressio | 102.727 4 25.682 100.50 | .000
n 3

Residual = 98.636 | 386 256
Total | 201.363 390

(Source: Primary Survey)

The outcome presented in ANOVA table 4 reveals F-test value of 100.503, accompanied by a significance
level of p<0.05 (specifically, p=0.000). This denotes that the regression model holds substantial statistical
significance in its ability to predict mobile banking adoption, which serves as the dependent variable in this
context.
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Table 5: Coefficients of Multiple Regression Analysis

Coefficients
Model Unstandardized Standardized t Sig.
Coefficients Coefficients
B Std. Error Beta
1 (Constant) 469 198 2.366 .018
Lack of Awareness | .148 .049 153 3.018 .003
and Education
Inadequate 317 056 300 5.644 .000
Infrastructure and
Connectivity
Trust and Security 212 .050 .203 4.263 .000
Concerns
Resistance to 204 | .048 200 4222 .000
Change
Dependent Variable:

(Source: Primary Survey)

The coefficients derived from the multiple regression model elucidated the influence of different barriers
on the adoption of mobile banking. As indicated in table 5, all four factors exhibited a notable impact on mobile
banking adoption, with p-values below 0.05. The standardized regression coefficients (3 values) illuminate the
degree of influence exerted by an independent variable on the dependent variable, implying that a higher 3
value signifies a stronger impact of a specific predictor variable. In the present study, the highest f value of
0.300 (p<0.05) pertains to "Inadequate Infrastructure and Connectivity." This finding underscores that among
the four influencing factors, insufficient infrastructure and connectivity play the most pivotal role in driving
mobile banking adoption among rural users.

Moreover, the t values for all predictor variables surpass the critical tabular value of 1.96, and the
corresponding p-values are below the significance level of a = .05. These statistical outcomes provide robust
support for the research hypotheses related to "Lack of Awareness and Education" ($=0.153), "Inadequate
Infrastructure and Connectivity" ($=0.300), "Trust and Security Concerns" (f=0.203), and "Resistance to
Change" (8=0.200). Consequently, hypotheses H1, H2, H3, and H4 are affirmed. The presence of a substantial
relationship between various barriers and the adoption of mobile banking by rural users is significant.

Table 6: Model Summary

The model summary suggests that the regression model has a reasonable level of explanatory power, as
indicated by the R Square and Adjusted R Square values. However, there is still unexplained variability, as
reflected in the standard error of the estimate. Researchers should consider these statistics when assessing the
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model's ability to predict the dependent variable (adoption for mobile banking) based on the given independent
variables.

Std. Error of the
Model R R Square Adjusted R Square Estimate

1 714 510 .505 50550

From the Table 6, The R value represents the simple correlation and is 0.714, which indicates a high degree
of correlation. R2 = 0.510, which means that the independent variables, explains 51% of the variability of the
mobile banking adoption (dependent variable).

6. IMPLICATION OF THE STUDY

The study aimed at assessing the barriers that impact user adoption of mobile banking in rural areas of
Gujarat holds several important implications. Firstly, by focusing on rural regions, the study acknowledges the
unique challenges and opportunities that exist in these areas, which could greatly differ from urban contexts.
This recognition highlights the need for tailored strategies and interventions that consider the specific
circumstances of rural populations.

Additionally, investigating barriers to mobile banking adoption sheds light on the factors that hinder
individuals from embracing digital financial services. These insights can guide policymakers, financial
institutions, and service providers in designing targeted educational campaigns to address issues like lack of
awareness and education, which were found to be significant obstacles. Such campaigns could emphasize the
benefits of mobile banking and boost familiarity with its usage.

Furthermore, the study's focus on rural areas underscores the importance of infrastructure and
connectivity. Identifying inadequate infrastructure and slow connectivity as barriers reinforces the need for
investments in improving technological resources in these regions. Initiatives that address these challenges
could significantly enhance the accessibility and convenience of mobile banking services for rural
populations.

The findings related to trust and security concerns also have substantial implications. Highlighting these
concerns suggests that building robust security measures and ensuring user trust are paramount for successful
adoption. Financial institutions should prioritize implementing and communicating strong security protocols
to allay potential worries among users.

Lastly, the observed resistance to change among rural populations implies that efforts to encourage
adoption should consider the existing financial behaviours and habits deeply ingrained in these communities.
Introducing mobile banking as an enhancement rather than a replacement to traditional methods could
resonate more effectively, thereby mitigating resistance and promoting a smoother transition.

In sum, the study's focus on rural Gujarat and its exploration of barriers to mobile banking adoption offer
actionable insights for policymakers, financial institutions, and organizations looking to foster financial
inclusion and enhance digital services in rural areas. The implications emphasize the need for context-sensitive
strategies that address awareness, infrastructure, security, and behavioural factors to drive meaningful and
sustainable adoption of mobile banking services in rural communities.
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7. LIMITATIONS AND FURTHER STUDY

While this study aims to provide valuable insights into the barriers affecting user adoption of mobile
banking in rural Gujarat, there are several limitations that need to be acknowledged. Firstly, the study's focus
on a specific region within Gujarat might limit the generalizability of its findings to other rural areas with
different socio-economic, cultural, and infrastructural contexts. Additionally, the reliance on a survey
methodology could introduce response biases and may not fully capture the intricate nuances of participants'
experiences and perceptions.

Furthermore, the study's quantitative approach, while useful for identifying and quantifying barriers, may
not delve deeply into the underlying reasons behind these barriers. This calls for future research to employ
qualitative methods like interviews or focus groups to gain a richer understanding of the lived experiences of
rural users in relation to mobile banking adoption. Additionally, as technology continues to evolve, future
studies could explore the influence of emerging technological trends, such as the integration of biometric
authentication or artificial intelligence, on reducing barriers and enhancing adoption rates.

8. CONCLUSION

In the quest to bridge the gap between formal financial services and underserved populations, particularly
in rural regions, this study illuminates the barriers that hinder the adoption of mobile banking in rural Gujarat.
The stark disparity in access to financial services underscores the urgency of comprehending and mitigating
these barriers. Through a rigorous research design encompassing quantitative analyses, this study has
identified key obstacles related to awareness, infrastructure, trust, and resistance to change.

The insights gleaned from this research carry the potential to inform targeted strategies and interventions
that can drive the acceptance and utilization of mobile banking services in rural Gujarat. By dismantling these
barriers, stakeholders ranging from policymakers to financial institutions can play a pivotal role in fostering
financial inclusion and empowering rural communities. As the world transitions toward a digital financial
landscape, understanding and addressing the challenges that hinder mobile banking adoption will not only
reshape financial services but also contribute to the broader goal of equitable economic development and
improved quality of life for rural residents.
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